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The standards reflect our commitment to data-based decision-making. 

Institutions must analyze a range of data, including disaggregated data, to 

ensure students are appropriately served and institutional mission and 

goals are met. Institutions should rely upon the data required by the 

Commission and additional data used by the institution. Institutions should follow 

the Commission’s evidence expectations that are reflective of a range of data 

considerations, consonant with higher education expectations, and consistent 

with the institution’s mission. Periodic and systematic evaluation and assessment 

allow institutions to demonstrate commitment to reflection, and our standards 

provide the opportunity to evaluate progress toward institutional goals. 

Institutions can leverage periodic assessment through each standard, using 

assessment results for continuous improvement and innovation to ensure levels 

of quality for constituents.
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What is Data?

“Every data set involving people implies subjects and objects, those who 

collect and those who make up the collected. It is imperative to remember 

that on both sides we have human beings.”

- Mimi Onuoha (The Point of Collection)

“factual information (such as measurements or 
statistics) used as a basis for reasoning, discussion, 
or calculation”
- Merriam-Webster

“information, especially facts or 

numbers, collected to be examined 

and considered and used to help 

decision-making, or information in 

an electronic form that can be 
stored and used by a computer”

-Cambridge

“Data means information, more specifically facts, 

figures, measurements and amounts that we gather for 

analysis or reference. The term’s meaning also 

includes descriptive information about things, plants, 

animals, and people. We collect and store data 
typically through observation.”

-Market Business News





Dear Data Project 
“Instead of using data just to become more efficient, we argue we can use 

data to become more humane and to connect with ourselves and others at a 
deeper level.”



Dear Data Project 



Data as Selection



Are photographs 
objective?

“In deciding how a picture should look, 

in preferring one exposure to another, 

photographers are always imposing 

standards on their subjects. Although 

there is a sense in which the camera 

does indeed capture reality, not just 

interpret it, photographs are as much 

an interpretation of the world as 

paintings and drawings are.” 

(Sontag 17)                                                       



Scientific Illustrations
“Science journals viewed photography as a way 

of seeing that enabled ‘mechanical objectivity’. 
There was greater trust in the power of ground 

lenses and silver halides to capture the world 

in a way that the eye cannot. As with all visual 
technologies, however, it needed selection, 

organization and interpretation for data to be 
rendered into a comprehensible image.” 

(Belknap 27)

Drawings from Biblia Natura on the honeybee. 

The lower right illustration shows “the use of 

dyed liquids blown into the trachea as an aid for 

their preparation.”



Scientific Photographs
“Scientists soon realized that photographic 

devices introduce their own distortions into 

the images that they produce, and that no 

eye provides an unmediated view onto 

nature. From the perspective of scientific 

visualization, the idea that machines allow 

us to see true has long been 

outmoded…there is a continuing tendency 

to characterize the objective as that which 

speaks for itself without the interference of 

human perception, interpretation, 

judgement, and so on.” 

(Feinberg 54)

Digital reconstruction of a melanoma cell using fleshy membrane protrusions 

(red) to tunnel through tissue (yellow)



“Data will always be a subjective interpretation of someone’s 
reality, a specific presentation of the goals and perspectives 
we choose to prioritize in this moment. That’s a power held 
by those of us responsible for sourcing, selecting, and 
designing this data and developing the models that interpret 
the information.”
(Raji)



Data that is observed, has an observer
Data that is collected, has a collector

Data is about people



Rapid “Datafication”
Data is speedy, accessible, revealing, panoramic, 

prophetic, and smart



“The answers we need, the solutions to some problem we might 

not even know that we had, are often thought to be somewhere 

in the data. It would seem that if only we had more data and 

more analytics we would know more and waste less.” (Beer 14)



Effects on our “subjects”

● Survey fatigue

● Frustration and anger 
○ How are these results being used? 

What is the action?

● Surveillance state
○ Panoptic Society
○ The right to be forgotten



Algorithmic Bias













Types of Biases

● Historical bias – even if data is measured perfectly, it can 
capture biases in the world as it is 

● Representation Bias
○ The target population should reflect the use population
○ The model contains under-represented groups

● Measurement Bias – a proxy is used to approximate a 
construct

○ In college admissions, predictor of student success =/= GPA



Towards the Future



Learning Analytics

● “Learning analytics has emerged as a solution to address prevalent 

challenges in education, such as student retention, widening access and 

personalized support for a massive student cohort” (Tsai 556)

● “provide personalized feedback at scale and to identify variables and 

behaviours that promote student success and address the need for quality 

assurance of educational services” (556)



Recommendations 

● Prioritize collection of data on gender, race, ethnicity, and national origin

● Collect data on disability status, dialect, socioeconomic status, urbanicity, 

native language, second-language learner status, national region, parental 

education background, military–connectedness, and migrant status

● Involve members of communities potentially impacted throughout the 

entire development and use process



Datasheets for Datasets

● For creators, the objective is to encourage reflection on 

creating, distributing, and maintaining a dataset 

including underlying assumptions

● For consumers, the objective is to provide information 

to make informed decisions



Datasheets for 
Datasets





Let's talk about
equity and data!
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